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Rise of FPGA-Based Computing LAMDA: Learning-Assisted Multi-Stage o Accurate Operation Delay Prediction

High performance and energy-efficiency

Design Autotuning for HLS Using Graph Neural Networks

Balance the trade-off between computing effort and Learn mapping of HLS operations onto FPGA device
prediction accuracy resources using graph neural networks

Characterize delay in HLS based on learned mapping patterns
/2% improvement in HLS operation delay prediction
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